JSTOR is a not-for-profit service that helps scholars, researchers, and students discover, use, and build upon a wide range of content in a trusted digital archive. We use information technology and tools to increase productivity and facilitate new forms of scholarship. For more information about JSTOR, please contact support@jstor.org.
Earnings inequality is now expressed as a function of the levels of variation in schooling, experience, employment, the rate of return to schooling, and the slope of the log earnings-experience profile, and of the correlations among the explanatory variables. 6 In a multiple regression across SMSAs the equation to be estimated is Table A-1 of the Appendix, tions and problems associated with the human capital earnings function. Previous criticism has focused on the ability of a years of schooling variable and experience proxy to adequately reflect the true amount and intensity of accumulated human capital investment, on the bias in rate of return estimates due to the omission of ability measures, on the assumption of independence between ri and Si, on the distinction between the effects of experience and of aging per se, and on the interpretation of y as an elasticity and labor supply parameter. Critiques of the ChiswickMincer specification are contained in Schwartz and Parsons [17] and Blinder [4] , while fuller discussions of the human capital research program are in Blaug [3] and Rosen [15] .
5. Chiswick and Mincer rely on a theorem by Goodman [10] that the variance of two independent random variables X and Y is cr2(XY) = X2t2(Y) + Y2r2(X) + r2(X)Or2(Y).
6. This form differs slightly from that of Chiswick-Mincer [6] and Chiswick [5] in that they express _r2(ln E) as a function of the dispersion in age, the covariance of age with schooling and (Age -S -5)2. This is due to their inability to estimate the distribution of the experience proxy from grouped data. while additional data required to "fill" the model are listed in Table A-2.7 The simple human capital earnings function proves to be relatively robust in all SMSAs. All coefficients are significant at the .01 level, and R2 values range between .24 and .44. The data generated here contrast with that used by Chiswick in his interstate study. He had no state estimates of the slopes of earnings-experience profiles, of the distribution of experience (he uses age), or of the covariance of weeks worked with schooling or with experience (or age). In addition, his regression estimates of the average rate of return to schooling within each state are biased due to the inability with grouped data to hold experience and weeks worked constant. 8 The null hypothesis associated with the strict form of the human capital model presented here is that:
Ho: al = a4 = a7 = a8 = a9 = a10 = 1, a2 = a3, and a5 = a6. 8. Chiswick uses grouped data cross-classified by earnings and schooling to get a regression estimate of the average rate of return to schooling. As he admits, these regression estimates are biased downward, due to a negative correlation between schooling and experience (which is omitted in the regression). As an alternative, Chiswick uses an "overtaking age" estimate of the average rate of return to a high school education [5, . This measure, though, has a large measurement error, and performs less well than his regression estimates of the rate of return to schooling. 
III. The Determinants of Earnings Inequality
The 12. The geometric mean, while commonly used as a measure of the earnings level in human capital studies, is not entirely appropriate since its value is dependent on the shape of the distribution of dollar earnings.
13. Factors leading to a value of y greater than unity include a positive labor supply elasticity, a positive relationship between wage rates, specific training, and weeks worked, a positive relationship between current weeks worked and past weeks worked (accumulated OJT), and a positive relationship between weeks worked and hours worked per week. Factors leading to a value of y less than unity include a negative labor supply elasticity, and the existence of wage premiums attached to seasonal and cyclical employment. Regression estimates of y presented in Table A In his interstate study, Chiswick [5] found that location in the South did not increase inequality when all determinants of inequality from the human capital model were held constant. However, when a South/non-South dummy variable is included in a regression across this particular sample of SMSAs, the regional dummy is found to be statistically significant at the .05 level (Table II, specifications (3), (5) and (6) ). This finding indicates that earnings inequality is higher in these Southern cities even after accounting for the distribution and correlations of schooling, experience, and weeks worked, as well as the parameters of the earnings function. It is not clear why the South/non-South dummy variable proves significant. A possible explanation is that differences in schooling quality exist such that the variance of years of schooling in the South understates the dispersion of "quality standardized" schooling. Another possibility is that the structure of occupations and industries in the South is such that the South/non-South earnings differential is greater for low-skill jobs than for high-skill jobs. This might result if wages for relatively immobile low-skill workers are determined in local labor markets, while wages for more mobile high-skill workers are determined in national labor markets.14 Finally, racial discrimination, combined with the fact that the South has a higher percentage of non-white workers, may result in occupational crowding such that wage rates for low-skill white workers are depressed.
An additional factor which may affect the inequality of earnings is the degree of unionization. Empirical evidence suggests that unions are able to raise wage rates in unionized (or closely related) sectors, but may lower wage rates elsewhere. However, because wage rates for some workers may be pushed closer to the mean, while those for others become further away, the effect of unionization on earnings inequality can not be determined a priori. If unionization tends to have a net equalizing effect on the earnings distribution, then the South/non-South dummy variable captures, in part, the effects of low unionization in the South. Structural factors, such as the occupationindustry structure, are not directly accounted for in our model. Specifications (4) and (6) retain high explanatory power even with a small number of explanatory variables. Earnings inequality is found to be related most significantly to the variance in schooling, experience, and weeks worked, each weighted by the appropriate earnings function parameter, as well as to the covariance of schooling and experience, and a South/non-South dummy variable. 15 The performance of these regression equations indicates the advantage of deriving the relationship between inequality and its determinants from a sound theoretical framework.
14. This hypothesis is similar to one proposed by Chiswick [5, 22] in order to explain higher rates of return to schooling in poor states. Much of the positive effect on inequality from being in the South is presumably already captured here by accounting for differences in rates of return.
15. The relationship between city size and earnings inequality was also examined, but was not found to be statistically significant. The city size-earnings relationship is examined in Hirsch [11] .
IV. Summary
The simple human capital model, as developed by Chiswick and Mincer, relates earnings inequality to the levels, dispersions, and intercorrelations of schooling, experience, weeks worked, and the parameters of the earnings function. Estimation of earnings functions using individual data within each of 48 SMSAs allows us to specify a priori the values of the model's coefficients, thus providing a rigorous test of the simple model. The hypothesis that all of the coefficients of the model are as predicted is not accepted at a .05 significance level, but cannot be rejected at a .01 level. The human capital framework does prove to be a particularly useful framework by which to analyze the major determinants of earnings inequality. Findings here call into question the results of previous studies which have found increased levels of schooling and of income to have a direct equalizing effect on the size distribution. The evidence presented in this paper also illustrates the importance of accounting for inter-area differences in earnings function parameters in economic analyses of inequality. 
